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The = FineWeb dataset, clustered and annotated with educational score labels

https://huggingface.co/spaces/HuggingFaceFW/blogpost-fineweb-v1
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1. FineWeb @ B Z INERXE

FNFET—XDLRFEZEE TS FineWeb

® FineWeb (3. FERIFEHADREWeb T—X2 B I— R %
NHETI EOHICHEINTE [1].

o LfF., Llama3 B EIFEAZ L TH. FHFT—2PUIN
£ OEJAEETDICRELTULED ST,

® Z_T. 179 3 RefinedWeb DILIEZHIR - XEL. T—
X AT TII - FHMEERZ L [1].

[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. https://arxiv.org/abs/2406.17557
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[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 82 https://arxiv.org/abs/2406.17557
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Web XEZHW=R =2 2FA

o YEZHNI G =IO IAXYID, BIOBDDSXRD —T >
DIEXRZZRN [1],

e E57—AX®M I Michigan unemployment claims workers
vl By TEDSIBICTFRIDOXIRICER B,

e fid7g token_count | GPT-2 T X% [2].

[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 82 https://arxiv.org/abs/2406.17557
[2] FineWeb / Data Fields https://huggingface.co/datasets/HuggingFaceFW/fineweb
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E6l1 : ERZHRLS=a2—X

BT+ X MO S OHRK: (HKE

Michigan unemployment claims workers are losing their jobs.
NEW YORK (CNNMoney) -- Many jobless claims workers in the state of
Michigan will soon be filing for unemployment themselves.

HRECHEZ MR DIEEZFE T D, AILXEDEFICIE. BEE
SEEPEMRBHFROTULDS [1],

Jt/R—  http://money.cnn.com/2012/08/03/news/economy/michigan-unemployment/index.htm?section=money_topstories

row 16 / <urn:uuid:67af6fe6-95e8-403c-821b-a7c16c3999bc> / 647 GPT-2 tokens
[1] FineWeb / sample-10BT https://huggingface.co/datasets/HuggingFaceFW/fineweb
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You can also make one large shakshuka to share. Just spoon the sauce
into a large ovenproof ceramic dish. Crack eggs into the dish, spaced
evenly apart, then cook following the same recipe.

HIEDFIEZ2ZENET. BRICIZFTET—2a3a>dEoTW5S
[1]0

JtR—Y  http://au.lifestyle.yahoo.com/better-homes-gardens/recipes/r/-/14032186/shakshuka-with-chorizo/

row 27 / <urn:uuid:b967344e-3121-475b-9764-e76dd82eefbb> / 247 GPT-2 tokens
[1] FineWeb / sample-10BT https://huggingface.co/datasets/HuggingFaceFW/fineweb
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63  FRENDZED
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You must be a registered member to view this page. |
If you are already a member, sign in now.
To register for your own account, sign up now.

JTR—Y  http://www.golivewire.com/forums/profile.cgi?p=539041910

row 7 / <urn:uuid:528ab539-c6ba-441e-8389-65704e6c3be1>/ 110 GPT-2 tokens
[1] FineWeb / sample-10BT https://huggingface.co/datasets/HuggingFaceFW/fineweb
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Web 52D 2HB 70— I)LHE
Za—XADEMH L 1BER (=l

INEZO—)L CC-MAIN-2013-20
o 0—)L HE; 2013-05-21T10:29:46Z
XELFEDRT 647 GPT-2 k—2 >

URL FDEEEHTIE 2012-08-03 ., WNEHIIAHABCEAD., HENXICIE
SEEUNDORCEERLREHSENS [1].

[1] FineWeb / sample-10BT, row 16 https://huggingface.co/datasets/HuggingFaceFW/fineweb/viewer/sample-10BT/train
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FineWeb 7 —4{ERX IS

MR 0D B P FLHRA

Web XEDIXE Common Crawl @ HTML % &£

AN D A28 Trafilatura TTFF X MMt
558+ anE DR REEDAAT7 L RIE - ENR L TER
XEDEERE JO0-)LATUUEXXEZF LD
BABHRILE X=)LERFAIP 7 R L X% E#

[11 Hugging Face, FineWeb 7—#{Ef 11— K https://github.com/huggingface/datatrove/blob/main/examples/fineweb.py
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JTD HTML 'S AxX 2t I3

® Common Crawl |&. 7T®D HTML =& WARC &. HHH
HTEFAMOWET Z22FALTWS [1],

@ FETIIWETICAZ 2 —TEBRXHIZIED & =R

L. WARC H'5 Trafilatura € WS AXIAHES TERO H L
Too

[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 83.2 https://arxiv.org/abs/2406.17557
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FEDHERICRERAZE,

HI S

o FIHFEHAMRED URL ZHFRA L. S3E:H728
fastText DHEEX A7 H 0.65 FKFmDNXEZR< [1]-

¢ ZZT. REEDZ T EALRYE. plOomBERAZERTHE

9%

[1] FineWeb / Data processing steps https://huggingface.co/datasets/HuggingFaceFW/fineweb
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1€ « SNICED < XEDZERIFRAI

o [FLEEA) - 1TD#EDIERL. BLWTDZE. AREESDD
BEREZFANRD [1],

o BI7Z®M Gopher « C4 DRAIZFAEL. T 5IC FineWeb

BEDMRAZENT %, FHRAOWRZFEHEERTLEAN
1=o

[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 83.3 https://arxiv.org/abs/2406.17557
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MinHash IC & 25BN EDEEFRE

o TL—HIEITTIE. REBL>—EFDEHIE SRS, - BN
xR EXDFRIT AWV, XEDHEUZIHALHIE T S MinHash
ZED [1]o

@ ENITASEHEFOWUZXECICEHKODHL., FOER
DENZHNYS 2DESG TR T D,

o HNEZFXRLH. BITIL—Th 5 1 HZ*RT

[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 83.4 https://arxiv.org/abs/2406.17557
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70— BuUDEEREZHFHLIEH

® FUR-—INEHDEICNERINS /D, EHIFEZ T DT

BEEREDBELC [1],

o TR, GVWIA—-INICLECPAELANENZ < Tx>
feo BARICBINERCNANEZHIT & 7HHEDDB [1],

® ZZ_TCFineWeb|Z. 7O0—- )L &Il LTHRETIAT
ZHAL .

[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 83.4 https://arxiv.org/abs/2406.17557
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X=IL7RLRELEIP DE%4{L

o FFFICIE. ERRIFETROITIX—ILT7RLIERFHIP
7ELR%, AELIEXFIINEBR LT [1],

Baam o 1SRRI DD WO EBEIRIC L TULRLY,

[1] FineWeb / Personal and Sensitive Information https://huggingface.co/datasets/HuggingFaceFW/fineweb
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e 70— b—7 2

L/~

[RED FineWeb (2024) 96 %715 )
IH{TH— KD FineWeb 110 %718.5 )
[FZ D FineWeb-Edu — %$71.33

L/~

L/~

GPT-2 TEE, [RE(F 2013 ~2024-04 . RITEE(IF 2025-06 £To Edu
IFRZD 96 7 O—ILH5FR [1, 2],

[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. https://arxiv.org/abs/2406.17557
[2] EEfsHh— K v1.4.0/2026-10-16 RS2 https://huggingface.co/datasets/HuggingFaceFW/fineweb
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[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 83.1 https://arxiv.org/abs/2406.17557
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FineWeb-Edu D& & ERIEAE

® FineWeb OXZEZ% Llama 3 70B Instruct T¥E= L. €DE
ReFE LERERMFETILTEAEZENT S [1].

® 0~5DHEMMERXRIT7ZMFEL. BAME3I THWI13HKN—T
%Y, TIDNXNEZEINAIL TH Do

[1] Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 84 https://arxiv.org/abs/2406.17557
[2] FineWeb2 AT 1R 1) https://github.com/huggingface/fineweb-2
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%o LLM ORAEmZzE=RETIL THEHLUT %,

o 2ERADFAENER 0 ~5 DEMALLD. 3ULONXELER
9., O FineWeb-Edu &7 3,

[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 84 https://arxiv.org/abs/2406.17557
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® FineWeb-Edu DAXIE. 7TD Web XEMNBEATXE
TdH Do
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[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 84 https://arxiv.org/abs/2406.17557
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[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 83.1 https://arxiv.org/abs/2406.17557
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[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 83.1 https://arxiv.org/abs/2406.17557
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2 Web O—=N\XZHWE=ETILOLLEE

FineWeb 49.00
RefinedWeb 48.61
c4 48.40
Dolma 48.16
SlimPajama 47.69
RedPajama2 47.10
The Pile 46.45
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NECSVOBRIR AT v FICH T BEHNEE (%)

3B CSV @ 167,000 step B, #71.8B EFJ)L. 350B h—U > % EHHELX T3
L8R, NMRIET—RIGEEZFERA (1]

[1] FineWeb eval_results.csv / #EIABIDLEEZRS https://huggingface.co/datasets/HuggingFaceFW/fineweb/blob/main/eval results.csv
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FREV2D1.71BETIL « 350B h—2T > DS [1],

[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 84 https://arxiv.org/abs/2406.17557
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[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 83.1 https://arxiv.org/abs/2406.17557
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IVTULHE. ETILOLETLERS [1],

o FHLERENEHICLIXEZINZ B0, ZBICiHL
FECTOERIEDHAWVS,

o FEXRI|Z. FOHETEANRRBENER—HLI-EE
TH 5,

[1] FineWeb O/ABIFHEZEZE https://huggingface.co/datasets/HuggingFaceFW/fineweb/blob/main/lighteval_tasks.py
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[1] Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. Fig. 18. https://arxiv.org/abs/2406.17557v2
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[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 84.1-4.2 https://arxiv.org/abs/2406.17557
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2 Web O—NXDEISFHEBN

rAFE BR FineWeb & @&

2020 C4 FIHAD RIRIR %5258 Web J—/VR
2023 RefinedWeb A3 - ERIREDTITIHIR
2024 FineWeb / Edu WMIBOLLRER E &2XT— 2 = H
2025 FineWeb2 1,000 EED FFENIE Z E it

[1]1 Colin Raffel et al. (2020). Exploring the Limits of Transfer Learning with a Unified Text-to-Text Transformer. JMLR. https://arxiv.org/abs/1910.10683

[2] Guilherme Penedo et al. (2023). The RefinedWeb Dataset for Falcon LLM: Outperforming Curated Corpora with Web Data, and Web Data Only. arXiv.
https://arxiv.org/abs/2306.01116

[3] Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. https://arxiv.org/abs/2406.17557

[4] Hugging Face (2025), FineWeb 2 — README https://github.com/huggingface/fineweb-2
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MBELEEWeb O—/NXTHS [1]o
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L. SESZRENT -2 OMEEZRILLT: [2],

® FineWeb2 (2025) (. EEBCCICENZREZHAEL. ZE5E
dA—/NZAANIERL 7= [3]o

[1]1 Colin Raffel et al. (2020). Exploring the Limits of Transfer Learning with a Unified Text-to-Text Transformer. JMLR. https://arxiv.org/abs/1910.10683

[2] Guilherme Penedo et al. (2023). The RefinedWeb Dataset for Falcon LLM: Outperforming Curated Corpora with Web Data, and Web Data Only. arXiv.
https://arxiv.org/abs/2306.01116

[3] FineWeb2 — README https://github.com/huggingface/fineweb-2
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FineWeb %% % #,

e SmolLM (2024) I&.
A - Python J— ReEELTE [1],

HL=2FTETIL
= #8PR 2% L /= FineWeb-Edu @ 220B

E

® SmolLM3 (2025) DX EEEICIE. FineWeb-Edu TDg
REEER E. FineWeb2 Z ST EHERIFEDEEEHEHLH D [2] o

[1]1 SmolLM A58  https://huggingface.co/blog/smollm
[2] SmolLM3 ATEEE  https://huggingface.co/blog/smollm3
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[1] Loubna Ben Allal et al. (2024), SmolLM - blazingly fast and remarkably powerful https://huggingf

ace.co/blog/smollm
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SmolLM3 (2025) DFEIFEDESLE

= DEXPE Web J—FR B
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[11 Hugging Face (2025), SmolLM3: smol, multilingual, long-context reasoner https://huggingface.co/blog/smollm3
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sample-10BT 2 &

[1] FineWeb / Smaller sample versions https://huggingface.co/datasets/HuggingFaceFW/fineweb
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FineWeb DX M) —= Y J5uA S &
from datasets import load_dataset

fw = load_dataset(
"HuggingFaceFw/fineweb", name="sample-10BT",
split="train", streaming=True,

)
row = next(iter(fw))
print(row["text"])

10BT IF#J 100 12 GPT-2 b—2U > DEKTE. A M) —= >4 TlEhsE:
ADHB [1]o

[1] FineWeb AWFIAAI https://huggingface.co/datasets/HuggingFaceFW/fineweb
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[1] FineWeb data card / Licensing Information https://huggingface.co/datasets/HuggingFaceFW/fineweb
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[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. https://arxiv.org/abs/2406.17557
[2] FineWeb data card https://huggingface.co/datasets/HuggingFaceFW/fineweb



https://arxiv.org/abs/2406.17557
https://huggingface.co/datasets/HuggingFaceFW/fineweb
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Appendix 1. BRAEXEDOEE L K D5

NECHFID71—ILE

714—JLE AR

text W - BRIz Web XE

id / dump Common Crawl ODXZE ID/ 70— )%
url / date TTR—O URL/ 70— )LHE

file_path 7t WARC 7 71 ILADI/N R

[1] FineWeb data card https://huggingface.co/datasets/HuggingFaceFW/fineweb



https://huggingface.co/datasets/HuggingFaceFW/fineweb

Appendix 1. BRAEXEDOEE L K D5

BEERIN-XA257—42

TJ14—ILR =S

language eI RISEEE (en)
language_score fastText ICL D EE AT
token_count GPT-2 tokenizer IC& 2 b—2 U#

FineWeb-Edu ICIZEBEHIMIED score / int_score HF< [1, 2]

[1] FineWeb data card https://huggingface.co/datasets/HuggingFaceFW/fineweb
[2] FineWeb-Edu data card https://huggingface.co/datasets/HuggingFaceFW/fineweb-edu



https://huggingface.co/datasets/HuggingFaceFW/fineweb
https://huggingface.co/datasets/HuggingFaceFW/fineweb-edu
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100 XEDERAES DI

sample-10BT M55 100 XEZ R LT B
Nt~ O—)LIE CC-MAIN-2013-20

NEDRT . RSN XEDOHZHERET

[1] FineWeb dataset viewer / sample-10BT, rows 0-99 https://huggingface.co/datasets/HuggingFaceFW/fineweb/viewer/sample-10BT/train



https://huggingface.co/datasets/HuggingFaceFW/fineweb/viewer/sample-10BT/train

Appendix 1. BRAEXEDOEE L K D5

JCEH 100 XED b — 7 U #Dseih#iEt

GPT-2 =20 V¥ ([El
g/ (B 649.02 / 471.5
EHRERE 974.63
1/ B3R 210.5/736.0
BN/ BK 73 /8,990

26 100 FOEChiEZ 5t DURIFIREME,

[1] FineWeb viewer / 2026-10-16 E¥f§ https://huggingface.co/datasets/HuggingFaceFW/fineweb/viewer/sample-10BT/train



https://huggingface.co/datasets/HuggingFaceFW/fineweb/viewer/sample-10BT/train
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HEEE100 XED =0 BD9H
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1 ! A ) il \o} N 2
AL ) 5 QL Qb o2 A9 20
9 % ) /}\-’ ,lﬂ /DH -0 61
i L b \ L0 N
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[1] sample-10BT %&£ 100 {4 / Ed7m token_count ZE5t (£ 100 5% 3KR) https://huggingface.co/datasets/HuggingFaceFW/fineweb/viewer/sample-10BT/train



https://huggingface.co/datasets/HuggingFaceFW/fineweb/viewer/sample-10BT/train
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REDH : ZEFmADLEa—

BT+ X MO S OHRK: (HKE

Great decorating addition

I have a grape/Italian theme in my kitchen. I purchased 5 of these. I
decided to use them to put around my pull knobs on my overhead
cabinets.

CD 100 FTIFRED 73 b—20 > [1],

JtR—Y  http://www.yankeecandle.com/detail/wine-collection/1262116

row 13/ <urn:uuid:424e4cce-c33a-49b4-b148-37c8a973ba5c> / 73 GPT-2 tokens
[1] FineWeb / sample-10BT https://huggingface.co/datasets/HuggingFaceFW/fineweb



https://huggingface.co/datasets/HuggingFaceFW/fineweb
http://www.yankeecandle.com/detail/wine-collection/1262116

Appendix 1. BRAEXEDOEE L K D5

REROH : ARG L 2B DR

BT+ X MO S OHRK: (HKE

Larry Kim, Founder and Chief Technology Officer
Larry Kim founded WordStream in 2007.

D100 ETHRED 8,990 b—U > AVIBNDEIC. B4&< DI%TE
DODEHL - #BIEHLNZH < [1].

JTR—Y  http://www.wordstream.com/larry-kim

row 38 / <urn:uuid:07f0d7eb-c5f6-4de5-b87d-ffedbc8204de> / 8,990 GPT-2 tokens
[1] FineWeb / sample-10BT https://huggingface.co/datasets/HuggingFaceFW/fineweb



https://huggingface.co/datasets/HuggingFaceFW/fineweb
http://www.wordstream.com/larry-kim
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EMFI1 - TFLE FSIDIETRIR

BT+ X MO S OHRK: (HKE

| Viewing Single Post From: Spoilers for the Week of February 11th|

|Lil| |Feb 1 2013, 09:58 AM |

Don't care about Chloe/Taniel/Jen-Jen. Don't care about Sami, really, but
hoping that we get some good "SAMANTHA GENE!!" Marlena Death-
Stares out of it.

T

RAISHARFES. BBSA. BXFENEEND. SEHIE Web XHE
BHIFEDOXRICED [1]o

Jt/R— http://daytimeroyaltyonline.com/single/?p=8906650&t=8780053

row 0/ <urn:uuid:39147604-bfbe-4ed5-b19c-54105f8ae8a7> / 142 GPT-2 tokens
[1] FineWeb / sample-10BT https://huggingface.co/datasets/HuggingFaceFW/fineweb



https://huggingface.co/datasets/HuggingFaceFW/fineweb
http://daytimeroyaltyonline.com/single/?p=8906650&t=8780053
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> ) — Et
ENNfl2 : EEZa2—XD—E
AT FR D SDKRE (HEE)

A novel two-step immunotherapy approach has shown clinically

beneficial responses in patients with advanced ovarian cancer.
Following Lifestyle Recommendations Reduces Risk of Cancer Death

BHRORLL - EEFBEIEHRLTULDS [1].

Jt/R—  http://news.cancerconnect.com/

row 2 / <urn:uuid:07b8e00d-b445-4736-a593-cd1c147dce21> / 576 GPT-2 tokens
[1] FineWeb / sample-10BT https://huggingface.co/datasets/HuggingFaceFW/fineweb



https://huggingface.co/datasets/HuggingFaceFW/fineweb
http://news.cancerconnect.com/
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EIF 3 B CHEIRDT AT

BT+ X MO S OHRK: (HKE

Free the Cans! Working Together to Reduce Waste
In a blog about how people share, it's worth the occasional reference to
the bizarre ways that people DON'T SHARE.

HENREEZIRSERNX. EE5OFHECEVWNMTIZEUXEDE
33 [1],

Jt/R— http://sharingsolution.com/2009/05/23/free-the-cans-working-together-to-reduce-waste/

row 3/ <urn:uuid:c970d9a2-a5ce-4050-9ea3-58d7bbd609a8> / 575 GPT-2 tokens
[1] FineWeb / sample-10BT https://huggingface.co/datasets/HuggingFaceFW/fineweb



https://huggingface.co/datasets/HuggingFaceFW/fineweb
http://sharingsolution.com/2009/05/23/free-the-cans-working-together-to-reduce-waste/
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ENF 4 P KFDRAR—=Y=Za—2R

BT+ X MO S OHRK: (HKE

September 28, 2010

2010 Season - Bowman pulls down CCIW honor

| Matt Bowman was named CCIW "Runner of the Week" after his fourth
place finish at the Brissman-Lundeen Invitational in Rock Island, Illinois
on September 24. |

REOEFREICOVT, Bt - A KRB ZEH>THLDIXE
[1]0

JtR—Y  http://www.augustana.edu/x22236.xml

row 5/ <urn:uuid:a42b6d10-fba9-4678-af39-5b242fdfe790> / 626 GPT-2 tokens
[1] FineWeb / sample-10BT https://huggingface.co/datasets/HuggingFaceFW/fineweb



https://huggingface.co/datasets/HuggingFaceFW/fineweb
http://www.augustana.edu/x22236.xml
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ENNFI 5 @ B3RS OMEmCS

BT+ X MO S OHRK: (HKE

Kraft Foods has taken the Cadbury chocolate brand in a new direction,
by combining it with cheese for the first time.

FadlL—breF—XEHAELEERICOWVWT. 75 REY
K DHAELEHD [1].

JTR—Y  http://www.fdin.org.uk/2012/01/kraft-launches-new-philadelphia-with-cadbury/

row 6 / <urn:uuid:8ba5fa5a-1f92-4f5a-95e3-85dbb7befbfe> / 337 GPT-2 tokens
[1] FineWeb / sample-10BT https://huggingface.co/datasets/HuggingFaceFW/fineweb



https://huggingface.co/datasets/HuggingFaceFW/fineweb
http://www.fdin.org.uk/2012/01/kraft-launches-new-philadelphia-with-cadbury/
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ENNFl 6 : BRBIEDEERECEX

BT+ X MO S OHRK: (HKE

Facility Type:| | Full Service Restaurant|
Inspection date:| | March 27, 2012 |
Number of critical violations:| | 3|
Number of non-critical violations:| | 3|

R L7cHitEe. ERGE - READ RS, BABESEXXUN
DiEEdHH S [1],

JTR—Y  http://www.healthspace.com/Clients/VDH/Fairfax/Fairfax Website.nsf/Food-InspectionDetails?OpenView&R...

row 8 / <urn:uuid:4ad1d60f-e986-44b4-8b58-e833a6dddba8> / 786 GPT-2 tokens
[1] FineWeb / sample-10BT https://huggingface.co/datasets/HuggingFaceFW/fineweb



https://huggingface.co/datasets/HuggingFaceFW/fineweb
http://www.healthspace.com/Clients/VDH/Fairfax/Fairfax_Website.nsf/Food-InspectionDetails?OpenView&RestrictToCategory=AF99497F42E1C5CA852579CF006E7C6D&Count=1000
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EMF7 T RIIDAIRY MER

BT+ X MO S OHRK: (HKE

News of the Week

Barrie Spring Studio Tour
April 27th & 28th

10:00 til 4:00 pm

HEF - 1577 - IRGCDERZ ST, BHAY - BENAIEIRD Web
T—XD—ERICTES [1].

JTR—Y  http://www.jillpricestudios.ca/artist/website/size/big

row 9 / <urn:uuid:7bc4fe2c-c860-45d0-91f4-7cb5d3800e66> / 415 GPT-2 tokens
[1] FineWeb / sample-10BT https://huggingface.co/datasets/HuggingFaceFW/fineweb



https://huggingface.co/datasets/HuggingFaceFW/fineweb
http://www.jillpricestudios.ca/artist/website/size/big
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ENNFI 8 : EFBEAIEADETHRE

BT+ X MO S OHRK: (HKE

Tips for Preventing Medicare Fraud
The Department of Health and Human Services (HHS) Office of the
Inspector General (OIG) has created a new web site to provide tips for

preventing Medicare fraud and medical identity theft. See HHS news
release.

THRORFBHREBNT 2N VIV ENDERNNELZHABICE
BDXEDLHB [1]o

Jt/R— http://aota.org/Consumers/Ethics/Fraud.aspx

row 19/ <urn:uuid:957006ac-2ad8-43d0-8919-52d5a4373d10>/ 91 GPT-2 tokens
[1] FineWeb / sample-10BT https://huggingface.co/datasets/HuggingFaceFW/fineweb



https://huggingface.co/datasets/HuggingFaceFW/fineweb
http://aota.org/Consumers/Ethics/Fraud.aspx
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EBINFIO : Perl D707 71 SDARESHEE

BT+ X MO S OHRK: (HKE

I've a new release of NYTProf ready to upload but I'm stuck.

The CPAN Testers service is reporting a failure on a number of systems
but I can't reproduce it locally or work out the cause.

Can you reproduce the failure with Devel::NYTProf 2.07_94?

a7 LDON—=U 32, BIREMS. BENDOBRIKFEZ SO
M7RNXE [1].

Jt/R— http://blog.timbunce.org/2009/01/28/can-you-reproduce-this-nytprof-failure/?like=1& wpnonce=9501e873bf

row 21 / <urn:uuid:095340b9-8a67-45ac-afb3-250bec8e3efd> / 351 GPT-2 tokens
[1] FineWeb / sample-10BT https://huggingface.co/datasets/HuggingFaceFW/fineweb



https://huggingface.co/datasets/HuggingFaceFW/fineweb
http://blog.timbunce.org/2009/01/28/can-you-reproduce-this-nytprof-failure/?like=1&_wpnonce=9501e873bf
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> o — — — o LR
ENNA 10 | HEFEDIRFTER—
AT FR D SDKRE (HEE)
Reprinted from the renowned Bach-Gesellschaft edition, this work

features the complete Sonatas and Partitas for Unaccompanied Violin
and the six Sonatas for Violin and Clavier.

FEOBNECBAICETIXE [1],

Jt/R— http://store.doverpublications.com/0486236838.html

row 22 / <urn:uuid:3cad8aa8-a0c4-4556-81a3-03253c1cb027> / 568 GPT-2 tokens
[1] FineWeb / sample-10BT https://huggingface.co/datasets/HuggingFaceFW/fineweb



https://huggingface.co/datasets/HuggingFaceFW/fineweb
http://store.doverpublications.com/0486236838.html
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WARC & WET O30 & A3 5%

® WARCIZFHTML® U I IRAFDART—RZRETFT D,
WET 3B BFAT T AN TH S [1]o

@ FEIZWETICAZa—REIZLLFERDI e xEREL.

WARC H'5 Trafilatura TEX %:

I|:|:lI L/TCO

[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 83.2-3.3 https://arxiv.org/abs/2406.17557



https://arxiv.org/abs/2406.17557
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MinHash D&E & D=k

® YEZTRHEFED S5-gram AZIF. 1M2ED/NY>a%Z 1448
xEICTE®HS [1]o

o YNHDHETSEN—MLIXBZHRU. HBHGI XA
1% BV ZAXDHB 1 %%,

® N75% UL EXIHSEXRNLGAXTHS [1].

[11 Hugging Face, FineWeb M/AF4LIE 11— K — MinhashDedupSignature https://github.com/huggingface/datatrove/blob/main/examples/fineweb.py



https://github.com/huggingface/datatrove/blob/main/examples/fineweb.py

Appendix 3. XE#E5 - 5EES T L FHERER D

HEAAT7DFHRAER

[RE v2 DERTE & - K&

LLM 2 K B = 460,000 X&. 0~5m=

F8 / KREE 410,000 / 50,000 XX &

ElRETIL Snowflake-arctic-embed-m + S/
& 3 TD F1 82% (LLMEFRZIEHEET D)

JRE (3 460k SER. #IHAHD — FIL 500k &R&C [1, 2]

[1] Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 84 https://arxiv.org/abs/2406.17557
[2] FineWeb-Edu data card https://huggingface.co/datasets/HuggingFaceFW/fineweb-edu



https://arxiv.org/abs/2406.17557
https://huggingface.co/datasets/HuggingFaceFW/fineweb-edu
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IEA A E CSV L [RE v2 DS

o NHACVIF7 T—Ft v rDFEHRZ ZTHYHADLEERR
5, =% 167,000 step M agg_score ZXIZEA L7z [1],

® FineWeb-Edu ® MMLU -« ARC LtERICIE. FEE V2 AXX DR
HIEZFER L 2],

[1] eval_results.csv https://huggingface.co/datasets/HuggingFaceFW/fineweb/blob/main/eval results.csv
[2] Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 84 https://arxiv.org/abs/2406.17557



https://huggingface.co/datasets/HuggingFaceFW/fineweb/blob/main/eval_results.csv
https://arxiv.org/abs/2406.17557
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FineWeb-Edu il TZWEEE (1/3)

HE (FESNILOFR) = RA2b)
SRR *3.2
s - X1t - B e
fERE - [E5 - 4 il
TRILE— - B - S5 +1.2
K - B - R2e i
B - Fif - i

£ 5 AXE, ZE= FineWeb-Edu - FineWeb . #xfZ 0.5 K- > A ED 39 38H 5 6 748 [11,
[1]1 Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 84.1, Fig. 18. https://arxiv.org/abs/2406.17557v2



https://arxiv.org/abs/2406.17557v2

Appendix 3. XE#E5 - 5EES T L FHERER D

FineWeb-Edu il TZWL\EE (2/3)

S (FES~ILOMR) E R12h)

FELEY - 34 - BA +1.2
FH - XKXF - BEF +1.1
FESE « RE - XL +1.0
A IRiE - RE +0.9
FESE - B - R +0.9
X 5UE - BEF +0.8

£ 5 AXE, ZE= FineWeb-Edu - FineWeb . #xfZ 0.5 K- > A ED 39 38H 5 6 748 [11,
[1]1 Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 84.1, Fig. 18. https://arxiv.org/abs/2406.17557v2
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FineWeb-Edu il TZWL\EE (3/3)

SR (BESANILOMER) = (Ra4VHH)

WY - B - BA +0.8
R - RE - BER +0.7
XAt - A >R - FEEE +0.6
R - BEE - K& +0.5
HE - HH - HE +0.5

B - HE - 5E +0.5

£ 5 AXE, ZE= FineWeb-Edu - FineWeb . #xfZ 0.5 K- > A ED 39 38H 5 6 748 [11,
[1]1 Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 84.1, Fig. 18. https://arxiv.org/abs/2406.17557v2
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FineWeb il TZULiEE (1/4)

i (RESANJLDOFER) = (R14>h)
ESRZ - 2t - A& -3.2
BREE - BRE| - JEE 2.8
P« IRAT © AENE -2.5
B-E-LIE 2.1
AR—=Y « F—L -FTAH 2.1
B« IRE - =il 2.1

£ 5 AXE, ZE= FineWeb-Edu - FineWeb . #xfZ 0.5 K- > A ED 39 38H 5 6 748 [11,
[1]1 Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 84.1, Fig. 18. https://arxiv.org/abs/2406.17557v2
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FineWeb il TZ UL\iEE (2/4)

S (FES~ILOMR) E R12h)

BASEE - Xk « R 1.4
Jrwiay Kk 7o) — -1.3
CIE - AR - BE 1.2
71 - 1210 - 7 — LEm 1.2
Bt ATy k- BHF -1.1
AR= « Ty kiR—=)L - HFyvh— -1.0

£ 5 AXE, ZE= FineWeb-Edu - FineWeb . #xfZ 0.5 K- > A ED 39 38H 5 6 748 [11,
[1]1 Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 84.1, Fig. 18. https://arxiv.org/abs/2406.17557v2
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FineWeb il TZ UL\iERE (3/4)

EE (RES~ILOMR) I
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HENE - BEIEESE - EX
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F= - BALE - HEC

xRE - BFE . TH1Y

Fifimm - 77T ) — - BELMY)
A - s - ERES

-1.0
-0.8
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-0.8
-0.8
-0.7

£ 5 AXE, ZE= FineWeb-Edu - FineWeb . #xfZ 0.5 K- > A ED 39 38H 5 6 748 [11,
[1]1 Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 84.1, Fig. 18. https://arxiv.org/abs/2406.17557v2
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FineWeb il TZ UL\iEE (4/4)

iEE (RESANJLDOFER) = (R14>hk)
BFER « R7AR—Y « Za21—2 -0.6
B s YR—b - =TT > -0.6
T— b~ - AR - 5T -0.5

£ 5 AXE, Z= FineWeb-Edu - FineWeb . #xfZ 0.5 K- > A LD 39 38H 5 3 7948 [11,
[1]1 Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 84.1, Fig. 18. https://arxiv.org/abs/2406.17557v2
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FineWeb-Edu DEESH EBER T 7 EF

o FEDIEEDITTIE. FineWeb & Edu 5% 50,000 4%
BHIAA. 100 EADRBRI A= LTz [1],

® Edu (3B - BELRLCDLLENE . B@E « 1RE - IK1TH8 L
DLEEHEL,

@ Xb—U > DFRILICK ETZKRT perplexity THEREDEFH
D, —fi% Web Tl& FineWeb I EF B REFH H 3,

[1]1 Guilherme Penedo et al. (2024). The FineWeb Datasets: Decanting the Web for the Finest Text Data at Scale. NeurIPS. 84.1-4.2 https://arxiv.org/abs/2406.17557
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FineWeb O RRE ELEFHAS

T EA/NE = FLEE

v1.0.0 / 2024-04-21 ILEYNES

v1.1.0 / 2024-05-31 1M 70-IOERRFREZEL « 4 A7 %Z1EM
v1.3.0 / 2025-01-31 RUWIBNEZEBIE. 15E K X1 > ZHIBR

v1.4.0 / 2025-07-11 2025F 1 ~6 AM 6 70— )L%EBMN

RITH—RFOEEREDL SR [1],

[1] FineWeb / Changelog https://huggingface.co/datasets/HuggingFaceFW/fineweb



https://huggingface.co/datasets/HuggingFaceFW/fineweb
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fHEINTVWEI 7 7TILY L XDBE

Xy 5R NK - BRFEXRT—2DBE

I84T FineWeb £1& 11— F1EEME %9 50.45 TB
sample-10BT 15 Parquet 7 71 JL / #730.64 GB
KERICHT LR viewer " 5EBUF L 7- 100 XE

sample-10BT : 30,639,384,917 bytes (10## GB) . 71— FiB&E{E(IZ
27.6 GB[1, 2]

[1] FineWeb data card https://huggingface.co/datasets/HuggingFaceFW/fineweb
[2] sample/10BT 7 7 JL—E& /2026-10-16 https://huggingface.co/datasets/HuggingFaceFW/fineweb/tree/main/sample/10BT



https://huggingface.co/datasets/HuggingFaceFW/fineweb
https://huggingface.co/datasets/HuggingFaceFW/fineweb/tree/main/sample/10BT
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fifmsEL Y EY a v eiBE L IcFuA

from datasets import load_dataset

fw = load_dataset(
"HuggingFaceFW/fineweb",
name="sample-10BT", split="train", streaming=True,
revision="9bb295ddab0e05d785b879661af7260fed5140fc",
)

row = next(iter(fw))

[1] FineWeb data card / API THEERL 7= main ®J E2 3> https://huggingface.co/datasets/HuggingFaceFW/fineweb



https://huggingface.co/datasets/HuggingFaceFW/fineweb
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FineWeb RFDXIRF5E L EREE

=9/ XREALER T

FineWeb HKEE Web ODIRBLWERIFERAXS
FineWeb-Edu HENMETEATCREXS
FineWeb-Edu-score-2 FE 2 THi I EZ 1 LICRERR
FineWeb2 ZEmAITICESEBYIE - HEZ R

FineWeb2 ‘j:gi':’l:liu (\./_ k%ﬁ-"it%@ﬁéﬁf?—é [2] o

[1] FineWeb-Edu A= 1— K https://huggingface.co/datasets/HuggingFaceFW/fineweb-edu
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Exploring the Limits of Transfer Learning with a Unified
Text-to-Text Transformer
Colin Raffel et al. / 2020 / Journal of Machine Learning Research 21(140), 1-67
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https://arxiv.org/abs/1910.10683

The RefinedWeb Dataset for Falcon LLM: Outperforming Curated
Corpora with Web Data, and Web Data Only

Guilherme Penedo et al. / 2023 / arXiv:2306.01116
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https://arxiv.org/abs/2306.01116
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The FineWeb Datasets: Decanting the Web for the Finest
Text Data at Scale

Guilherme Penedo et al. / 2024 / NeurIPS, Datasets and Benchmarks
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https://arxiv.org/abs/2406.17557

FineWeb: decanting the web for the finest text data at scale
Hugging Face / 2024-05-31 / AR FAiECE
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https://hugqgingface.co/spaces/HuggingFaceFW/blogpost-fineweb-v1
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https://huggingface.co/datasets/HugqgingFaceFW/fineweb

FineWeb-Edu: the Finest Collection of Educational Content
Anton Lozhkov et al. / 2024 / Hugging Face
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SmolLM - blazingly fast and remarkably powerful

Loubna Ben Allal, Anton Lozhkov, Elie Bakouch /2024 / Hugging Face Blog
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https://huggingface.co/blog/smollm

SmolLM3: smol, multilingual, long-context reasoner
Hugging Face / 2025 / Hugging Face Blog
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https://huggingface.co/blog/smollm3
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FineWeb2: One Pipeline to Scale Them All -- Adapting Pre-
Training Data Processing to Every Language

Guilherme Penedo et al. / 2025 / arXiv:2506.20920
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