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ImageNet DY 1 k

I M A G E N E T 14,197,122 images., 21841 synsets indexed

Home Download Challenges About

Mot logged in. Login | Signup

ImageNet is an image database organized according to the WordNet hierarchy (currently only the nouns),
in which each node of the hierarchy is depicted by hundreds and thousands of images. The project has
been instrumental in advancing computer vision and deep learning research. The data is available for free
to researchers for non-commercial use.

Mar 11 2021. ImageNet website update.

€ 2020 Stanford Vision Lab, Stanford University, Princeton University imagenethelp.desk@gmail.com Copyright infringement
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[1] fastai (n.d.). GitHub repository. &H& 2026-10-15. Imagenette. https://github.com/fastai/imagenette
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[1] fastai (n.d.). GitHub repository. &H& 2026-10-15. Imagenette. https://github.com/fastai/imagenette
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[1] fastai (n.d.). GitHub repository. &H& 2026-10-15. Imagenette. https://github.com/fastai/imagenette
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[1] fastai (n.d.). GitHub repository. &H& 2026-10-15. Imagenette. https://github.com/fastai/imagenette
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[1] fastai (n.d.). GitHub repository. &H& 2026-10-15. Imagenette. https://github.com/fastai/imagenette

E{% ID ILSVRC2012_val_00000732.JPEG
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[1] fastai (n.d.). GitHub repository. &H& 2026-10-15. Imagenette. https://github.com/fastai/imagenette

[E{% ID ILSVRC2012_val_00001440.JPEG
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1,000 7 5 A DFHERE D e b iRsT

AR [1] 13 SD HRE &) 7N
1,000/>X 1,281.2 702 1300 732 1,300

B30 5 XHD DEFRKE. SD IFEHEERE
NI\ devkit D meta.mat TRI X% 1[I DHZ 1=

[11ILSVRC 2012 AT\ devkit. https://image-net.org/challenges/LSVRC/2012/
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BT 1 XDShxI% &9 % Imagenette

ImageNet-1k DFEREIFH 128 A H D, £ T. BT 1 IDE
ANZIE 10 25X« 13,394 8D Imagenette Z1F S5 [1, 2]
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[1] fastai (n.d.). GitHub repository. &8 2026-10-15. Imagenette. https://github.com/fastai/imagenette
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[1] fastai (n.d.). GitHub repository. &H& 2026-10-15. Imagenette. https://github.com/fastai/imagenette
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[1] fastai (n.d.). GitHub repository. &8 2026-10-15. Imagenette. https://github.com/fastai/imagenette
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E{%R 53R D RFEFESES & FHETER

Torchvision DEHA [1] Top-1 IEA#SR Top-5 IEfESR
AlexNet (2012) V1 56.522% 79.066%
ResNet-50 (2016) V1 76.130% 92.862%
ViT-B/16 (2020) V1 81.072% 95.318%

ImageNet-1k #REER CTEHE [1]

[1] Torchvision models, weight metadata. https://github.com/pytorch/vision/tree/main/torchvision/models



https://github.com/pytorch/vision/tree/main/torchvision/models

Appendix: 6. S4EE T )L DFFESEF & FisLIEE

RN ER TOHIHMERLEDS LRADVEDS

BTV [1] FTTDOWREEA ImageNetV2 ImageNet-R
DINOvV3 7B/16 88.4% 81.4% 91.1%
SigLIP 2 g/16 89.1% 81.6% 92.2%
PEcore G/14 89.3% 81.6% 92.2%

FTTDRREEA S 1,000 7 5 X, ImageNet-RIFZFD S5 200 75 X,

[1] Siméoni et al. (2025). arXiv:2508.10104. DINOvV3. Table 7 https://arxiv.org/abs/2508.10104



https://arxiv.org/abs/2508.10104

Appendix: 6. S4EE T )L DFFESEF & FisLIEE

DERT—R2T 1N —=ADN

® 2021 %I, ImageNet £{&D person MMiAT I
2,702 BE=ZPRE L 11,

o " MEHIE. ILSVRC D 1,000 HTIUICIFFE LA,

o /-1 LYIMADERICHBAEDIAT ANYIH WS,

® ZZTHRZEML. BEZIEN LT, ILSVRC R&=D 1,000
IS ANERT—X%ZRET LT,

[1]1ImageNet MEFEHBE (2021). https://www.image-net.org/update-mar-11-2021.php



https://www.image-net.org/update-mar-11-2021.php

Appendix: 7. H

BT devkit TY 5 AR DHR =R T B

from scipy.io import loadmat

meta = loadmat(
"ILSVRC2012_devkit_ti12/data/meta.mat",

squeeze_me=True, struct_as_record=False

)["synsets"]
classes = [x for x in meta if Xx.num_children == 0]

counts = [int(X.num_train_images) for x in classes]
print(len(classes), sum(counts))
# 1000 1281167

devkit ZEHY1S - BRI L7=8ICEI1TI %, scipy ZHIAT %,

[11ILSVRC 2012 AT\ devkit. https://image-net.org/challenges/LSVRC/2012/



https://image-net.org/challenges/LSVRC/2012/

Imagenette ZH{F L THRE FNILZ5HED

TI)LTEIS S %

curl -L --fail -o imagenette.tgz \
https://s3.amazonaws.com/fast-ai-imageclas/imagenette2-160.tgz
tar -xzf imagenette.tgz

Python TEIRE SNILZZT

from torchvision.datasets import ImageFolder
data = ImageFolder("imagenette2-160/train")
image, label = data[0]
print(data.classes[label], image.size)

10 72 XM Imagenette Z&Fi#. classes TU S RG%=MHEERT Do

[1] fastai (n.d.). GitHub repository. &8 2026-10-15. Imagenette. https://github.com/fastai/imagenette



https://s3.amazonaws.com/fast-ai-imageclas/imagenette2-160.tgz
https://github.com/fastai/imagenette

Appendix: 7. Ef§DFHHA d— F & EENER

ETIICESaEZIEET S

from PIL import Image
from torchvision.models import resnet50, ResNet50_Weights

weights = ResNet50_Weights.IMAGENET1K V1

model = resnet50(weights=weights).eval()

image = Image.open("example.JPEG").convert("RGB")
batch = weights.transforms()(image).unsqueeze(0)
# batch.shape == [1, 3, 224, 224]

BACWLLIEVYAX - o0y - ERbEZEFES, 10 75 XhRE
E7I)LD 1,000 7 5 RHBAIE. 77 XETHRIGSE S,

[1] Torchvision ResNet. https://github.com/pytorch/vision/blob/main/torchvision/models/resnet.py



https://github.com/pytorch/vision/blob/main/torchvision/models/resnet.py

Appendix: 7. B3k

ImageNet: A Large-Scale Hierarchical Image Database
Deng, J., Dong, W., Socher, R., Li, L.-]., Li, K., & Fei-Fei, L. (2009). CVPR, pp. 248-255.

ImageNet DJREZEFHEN, WordNet FEEBICAD BHRINEC AFICK D FRZHRET
Do

https://image-net.org/static_files/papers/imagenet cvpr09.pdf

ImageNet Large Scale Visual Recognition Challenge
Russakovsky, O., et al. (2015). International Journal of Computer Vision, 115, pp. 211-252.

ILSVRC D#8IEEAN, BEIFDEE - Bl - IEHEDRE L TMEERE FHTL
%o

https://arxiv.org/abs/1409.0575



https://image-net.org/static_files/papers/imagenet_cvpr09.pdf
https://arxiv.org/abs/1409.0575

Appendix: 7. B3k

Deep Residual Learning for Image Recognition

He, K., Zhang, X., Ren, S., & Sun, J. (2016). CVPR, pp. 770-778.

ResNet DEEHRX . ZEEFRICEZFEVRY T —07DFE ¥ ImageNet 5%
ANERS

https://arxiv.org/abs/1512.03385

Transfer Learning for Computer Vision Tutorial

Chilamkurthy, S. (n.d.). PyTorch Tutorials. &S8R 2026-10-15.

PyTorch D2R#EM. BEFRIFEEAETIOWHAR EEERHBICL20EEREL
TWa,

https://github.com/pytorch/tutorials/blob/main/beginner_source/transfer learning tutorial.py



https://arxiv.org/abs/1512.03385
https://github.com/pytorch/tutorials/blob/main/beginner_source/transfer_learning_tutorial.py
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Models and pre-trained weights

Torchvision contributors (n.d.). Torchvision documentation. =& 2026-10-15.
Torchvision DRV T 7L VR NEEADIHMEE - 75X - BIALIE %7 SO &)
ERCE

https://qgithub.com/pytorch/vision/blob/main/docs/source/models.rst

Imagenette
fastai (n.d.). GitHub repository. 88 2026-10-15.

ImageNet D 10 7 S XAZIKRESH LI/INRIBET—2 Y bo BEERYPENDFI—7
NS IR

https://github.com/fastai/imagenette



https://github.com/pytorch/vision/blob/main/docs/source/models.rst
https://github.com/fastai/imagenette
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Do ImageNet Classifiers Generalize to ImageNet?

Recht, B., Roelofs, R., Schmidt, L., & Shankar, V. (2019). ICML, Proceedings of Machine Learning Research, 97.
ImageNetV2 DEZEFHX. FTcICUE L cER TEIED R DAL EEZ AL T
Do

https://arxiv.org/abs/1902.10811

Are we done with ImageNet?
Beyer, L., Hénaff, O. )., Kolesnikov, A., Zhai, X., & van den Oord, A. (2020). arXiv:2006.07159.

BEIER OIERE BEIR L 1-HiZt. RO EERYL T3 Real SALERRT
Do

https://arxiv.org/abs/2006.07159
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Appendix: 7. B3k

Benchmarking Neural Network Robustness to Common
Corruptions and Perturbations

Hendrycks, D., & Dietterich, T. (2019). ICLR.

}m_;_geNet-C ¢ ImageNet-P DIREFH X, FEVCERNGZEICICN T 2 EEE = 5
M9 o

https://arxiv.org/abs/1903.12261
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