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[1] Soomro et al. (2012). CRCV-TR-12-01; arXiv:1212.0402. UCF101: A Dataset of 101 Human Actions Classes From Videos in The Wild. Figure 2
https://arxiv.org/abs/1212.0402 https://github.com/yjxiong/temporal-segment-networks/tree/master/data/ucf101_splits



https://arxiv.org/abs/1212.0402
https://github.com/yjxiong/temporal-segment-networks/tree/master/data/ucf101_splits

Appendix: 4. {TEIDE « JIL—TF L DEIEE
42V TDITN—=THmHZBWN

1039

1000 +

800

600 -

438

TIL—T8

400 -

200 A

5 6
TN—TFHlDb Doy T,

(11 A7V ETIL—TESORZBEMIC. £ 2,525 7 )L—T% &5t . https://github.com/yjxiong/temporal-segment-networks/tree/master/data/ucf101_splits



https://github.com/yjxiong/temporal-segment-networks/tree/master/data/ucf101_splits

Appendix: 5. TEIDOEF - T O 3 v b DFHEER

FREICH T B178DE R D IERFR

TTENODE [1] IEfRER
AN DEEBEER 38.52%
BREDENE 36.26%
ANEANEDHEEER 44.14%
HERDES 37.42%
ZR—Y 50.54%
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[11 Wang et al. (2024). arXiv:2403.15377. InternVideo2: Scaling Foundation Models for Multimodal Video Understanding. Table 5 https://arxiv.org/abs/2403.15377
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from pathlib import Path
from collections import Counter

root = Path("ucfTrainTestlist")
train = (root / "trainlistOl.txt").read_text().splitlines()
test = (root / "testlistOl.txt").read_text().splitlines()
clips = {line.split()[0] for line in train + test}
counts = Counter(path.split("/")[0] for path in clips)
print(len(clips), Llen(counts))
for label, n in sorted(counts.items()):

print(label, n)

[1] https://github.com/yjxiong/temporal-segment-networks/tree/master/data/ucf101_splits
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base=https://www.crcv.ucf.edu/data/UCF101

curl -L --fail -0 "$base/UCF101.rar"

curl -L --fail -0 \
"$base/UCF101TrainTestSplits-RecognitionTask.zip"

unrar X UCF101l.rar
unzip UCF101TrainTestSplits-RecognitionTask.zip

[1] MMAction2 contributors (n.d.). MMAction2 documentation. &8 2026-10-15. Preparing UCF-101.
https://github.com/open-mmlab/mmaction2/tree/main/tools/data/ucf101
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UCF101: A Dataset of 101 Human Actions Classes From
Videos in The Wild

Soomro, K., Zamir, A. R., & Shah, M. (2012). CRCV-TR-12-01; arXiv:1212.0402.
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Two-Stream Convolutional Networks for Action Recognition
in Videos

Simonyan, K., & Zisserman, A. (2014). Advances in Neural Information Processing Systems, 27.
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https://arxiv.org/abs/1406.2199
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Temporal Segment Networks: Towards Good Practices for
Deep Action Recognition
Wang, L., et al. (2016). ECCV.
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https://arxiv.org/abs/1608.00859

Quo Vadis, Action Recognition? A New Model and the
Kinetics Dataset
Carreira, J., & Zisserman, A. (2017). CVPR.
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VideoMAE: Masked Autoencoders are Data-Efficient Learners for
Self-Supervised Video Pre-Training

Tong, Z., Song, Y., Wang, J., & Wang, L. (2022). Advances in Neural Information Processing Systems, 35.
VideoMAE DEZEFHN. BVWY XA IVEXRDRFETICLD. BECHEMH D FaFE =
1755

https://arxiv.org/abs/2203.12602

Preparing UCF-101

MMAction2 contributors (n.d.). MMAction2 documentation. =88 2026-10-15.
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The Kinetics Human Action Video Dataset
Kay, W., et al. (2017). arXiv:1705.06950.
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https://arxiv.org/abs/1705.06950

The “something something” video database for learning and
evaluating visual common sense

Goyal, R., et al. (2017). ICCV.
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https://arxiv.org/abs/1706.04261
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Training and Test

MMAction2 contributors (n.d.). MMAction2 documentation. & 2026-10-15.
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https://qgithub.com/open-mmlab/mmaction2/blob/main/docs/en/user _guides/train test.md
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